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S1 AFINES simulation

In AFINES, actin filaments, myosin motors, and passive crosslinkers are modeled as coarse-
grained entities. Actin filaments are treated as worm-like chains of N + 1 beads connected
by N harmonic springs (links) and N−1 angular harmonic springs. Thus, the internal forces
on an actin filament can be obtained from the gradient of the potential energy Uf :

Uf =
ka
2

N∑
i=1

(|~ri − ~ri−1| − la)2 +
κB
2la

N∑
i=2

θ2
i , (S1)

where ~ri is the position of the ith bead on a filament, θi is the angle between the ith and
(i− 1)th links, ka is the stretching force constant, κB is the bending modulus, and la is the
equilibrium length of a link. The persistence length of the filament is then Lp = κB/kBT ,
where kB is Boltzmann’s constant and T is the temperature.

We model crosslinkers as Hookean springs, with two ends (heads) that can stochastically
bind to and unbind from filaments. Thus, the potential energy of a crosslinker is

Uxl =
1

2
kxl(|~r1 − ~r2| − lxl)2 − kBT ln (kon

xl /k
off
xl )(I1 + I2), (S2)

where kxl is the crosslinker stiffness, lxl is its rest length, ~r1(2) is the position of head 1(2),
I1(2) is 1 if head 1(2) is bound and 0 otherwise, and kon

xl (k
off
xl ) is the rate constant for binding

(unbinding). When a crosslinker is bound, it moves with the filament to which it is bound.

When both crosslinker heads are bound, its tensile force, ~Fxl is propagated onto the filament
beads neighboring each bound head at position ~rxl via the lever rule,

~Fi = ~Fxl
|~ri+1 − ~rxl|
|~ri+1 − ~ri|

and ~Fi+1 = ~Fxl − ~Fi, (S3)

where ~Fi is the force on the filament bead at position ~ri.
Binding and unbinding are governed by a Monte Carlo procedure constructed to satisfy

detailed balance in the absence of motors. At each timestep of duration ∆t, an unbound
crosslinker head becomes bound to the ith nearby filament with probability kon

xl ∆tPi, where Pi
is defined as follows. The closest point on the filament is identified, and the change in energy
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associated with moving the head to it, ∆Ui is computed; Pi = min [1, exp (−∆Ui/kBT )].
When a head becomes bound, its displacement, in the frame of reference of the filament link
to which it attached, is stored as ∆~r. Later, the head can become unbound and displaced
−∆~r with probability koff

xl ∆tP , where P = min [1, exp(−∆U/kBT )] and ∆U is the energy
associated with the displacement. Because the dynamics depend on the allowed moves in the
Monte Carlo procedure, care must be used in interpreting the values of the rate constants.
That said, the values that we obtain by tuning the parameters to yield behaviors consistent
with experiments are generally within an order of magnitude of measured rate constants.

We model motors similarly to crosslinkers, in that they are Hookean springs, can bind to
and unbind from filaments, and propagate force onto them. Thus, their potential energy is
identical to Eq. S2 with the subscript m replacing the subscript xl. Additionally, a bound
motor head moves towards the barbed end of the actin filament to which it is bound at a
load-dependent velocity

v(Fm) = v0 max

1 +
~Fm · r̂
Fs

, 0

, (S4)

where v0 is the unloaded motor speed, ~Fm = −km(|~r1 − ~r2| − lm) is the tensile force on the
motor, and r̂ is the tangent to the filament at the point where the motor is bound; r̂ points
toward the pointed end of the filament.

We simulate the system using Brownian dynamics such that the position of an actin
bead, motor head, or crosslinker head at time t is generated by the equation

~r(t+ ∆t) = ~r(t) + ~F (~r(t))µ∆t+

√
kBTµ∆t

2

(
~W (t+ ∆t) + ~W (t)

)
, (S5)

where ~F (~r(t)) is the gradient of the potential of the particle, ~W (t) is a vector of random
numbers drawn from the standard normal distribution, and we use the Stokes relation µ =
1/(6πRν) in the damping term, where R is the size of the particle, and ν is the dynamic
viscosity of its environment [S1]. We simulate the system in 2D and use periodic boundary
conditions to limit boundary effects. A complete list of model parameters used for Figures 1,
2, 4 and 5 is provided in Table S1 and additional methods used for Fig. 7 are described below
(Section S3).
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Symbol Description (units) [ref] Value
Actin Filaments

ρl link density (µm−2) 2
Nl number of links per filament (L/la) [1, 15]
la link rest length (µm) [S2] 1
ka stretching force constant (pN/µm) 5
κB bending modulus (pNµm2) [S3] 0.068

Myosin Minifilaments
ρm density (µm−2) [0, 0.3]
lm rest length (µm) [S4] 0.5
km stiffness (pN/µm) 1
kon
m maximum attachment rate (s−1) 1
koff
m maximum detachment rate (s−1) [0.01, 1]

kend
m maximum end detachment rate (s−1) [0.01, 1]
v0 unloaded speed (µm/s) [S5] 1
Fs stall force of myosin (pN) [S6] 0.5

Crosslinkers
ρxl density (µm−2) [0, 1.5]
lxl rest length (filamin) (µm) [S7] 0.15
kxl stiffness (pN/µm) 1
kon
xl maximum attachment rate (s−1) 1
koff
xl maximum detachment rate (s−1) [0.01, 1]

Environment
∆t dynamics timestep (s) 0.00002
tF maximum simulated time (s) 400

X, Y length and width of assay (µm) 50
g grid density (µm−1) 2.5
T temperature (K) 300
ν dynamic viscosity (Pa·s) 0.001

Table S1: Parameter Values
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Figure S1: Same as Fig. 1, but with motors (black) and crosslinkers (green) also shown on
top of actin (red, barbed ends marked by blue dots). Cyan scale bar is 10 µm. Parameters
held constant: L = 10 µm, koff

xl(m) = 0.1 s−1.

S2 Order parameter calculation details

S2.1 Radial distribution function

To measure the radial distribution function, we use the 2D, single-timestep analog of Eq. 6.3
in [S8]:

g(r + δr/2) =
2n(r)A

π ((r + δr)2 − r2)N2
, (S6)

where n(r) is the number of distances between particles in the interval [r, r + δr], A is the
area of the simulation cell, N is the total number of particles, and ρ = N/A. The total
number of distances between particles is n = N(N −1)/2 ≈ N2/2 for large N , and distances
are typically large compared to the bin width (i.e., δr � r), yielding the simplified form
shown in Eq. 1:

g(r) =
P (r)A

2πrδr
. (S7)

Above, we have substituted P (r) = n(r)/n as the probability of distance r. We found that
P (r) was well approximated by randomly sampling ∼10,000 distances between particles.
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S2.2 Divergence of actin velocity field

Contraction of actin networks is typically calculated by identifying sinks in the divergence of
the actin velocity field. To construct this field, we first calculate the velocity of actin beads
~va = (~ra(t + h) − ~ra(t))/h where ~ra(t) is the position of an actin bead at time t, and h is
the lag time. To reduce noise, we calculate ~vk(~rk), the average velocity in every bin k of size
∆r2. We then interpolate the velocity field using Gaussian radial basis functions (RBFs),
such that the velocity at any position ~r is

~v(~r) =
M∑
k=1

~wke
−(|~r−~rk|/ε)2 , (S8)

whereM is the number of bins with at least 10 actin beads, and ~wk are the weights of the basis
functions, determined by solving the equation ~v(~rk) = ~vk(~rk) (using the scipy.interpolate.Rbf
package [S9]). For Fig. 2B, we used a lag time of h = 10 s, a threshold of n = 10 actin beads
in a local box of size ∆r = 5 µm, and a Gaussian width of ε = 5 µm, as we have found these
interpolation values robustly capture the motion of the actin [S10].

Because of the periodic boundary conditions, there is no flux of actin into the simulation
cell, and 〈∇ · ~v(r)〉 = 0. Therefore, to measure contraction, we threshold the divergence by
the local actin density and only total the divergence from 1 µm2 patches that contain more
than 5 actin beads in Fig. 2D, as in Ref. S11.

A CB

Figure S2: Variation of order parameters with R, the upper integration limit for 〈g(r)〉 and
〈g(rbarb)〉. Since the length and width of the periodic simulation cell is 50 µm, the largest
unambiguous distance is half that, 25 µm. (A) For all values of R, 〈g(r)〉 is highest for
contracted networks, followed by bundled networks. (B) For all values of R, 〈g(rbarb)/g(r)〉
is highest for polarity-sorted networks, followed by contracted networks. (C) For R > 1 µm,
〈mesh size/g(r)〉 is highest for bundled networks, consistently followed by contracted net-
works for R ≥ 8 µm.
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Figure S3: Example cuts from Fig. 4D-F to show typical sizes of standard errors of the
means.

Figure S4: Same as Fig. 5B-C but normalized by 〈g(r)〉.
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Figure S5: Sample structures after 400 s simulation, for varying motor and crosslinker off
rates. Parameters held constant: ρm = 0.2 µm−2, ρxl = 1 µm−2, L = 10 µm. Motors and
crosslinkers not shown for clarity.
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Figure S6: Sample structures after 400 s simulation, for varying filament length and motor
off rate. Parameters held constant: ρm = 0.3 µm−2, ρxl = 0. Motors and crosslinkers not
shown for clarity.
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Figure S7: Sample structures after 400 s simulation, for varying filament length and
crosslinker off rate. Parameters held constant: ρm = 0, ρxl = 1.5 µm−2. Motors, crosslinkers,
and barbed ends not shown for clarity.
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S3 Simulating shear

To measure the stiffness of self-assembled actin networks, we simulate a controlled strain
experiment and shear the final network configuration by a total strain of γ = 0.5 in a
fixed amount of time tF = 0.5 s. This is accomplished by supplementing the Brownian
dynamics described in Section S1 by explicitly shifting the actin bead position (xi, yi) such
that xi → xi +γ(dt/tF )(yi/Y ) where Y is the simulation cell height, and dt is the amount of
time for a small shear [S12]. Additionally, the boundary conditions follow the Lees-Edwards
convention during the shear [S13]. As described in [S10], we do not perform this shift at
every time step; rather dt = ∆t + trelax where ∆t is the simulation time step and trelax is a
suitable amount of time for the simulation to relax from the large external force imposed by
the shear. In Fig. 2F, we used ∆t = 10−7 s and dt = 10−3 s.

The viscoelastic response of a network undergoing simple shear is typically measured by
computing the stress σ on the network as a function of the strain γ. In general, this response
is frequency dependent, such that if the system is sheared sinusoidally, with a frequency of
ω, then the expected stress response is

σ = G′(ω)γ +G′′(ω)γ̇/ω (S9)

where G′(ω) is the storage modulus, G′′(ω) is the loss modulus, and γ̇ is the strain rate. At
long times, or for a constant strain (ω → 0), G′(ω) is the shear modulus of the material, and
G′′(ω)/ω is its dynamic viscosity. Additionally, because for 2D networks the stress is not well
defined, we instead measure the energy density w(γ), as it satisfies the equation dw/dγ = σ.
Integrating Eq. S9 with respect to γ and substituting the constant-strain approximation, we
obtain our model w(γ) = 1/2Gγ2 + ηγ̇γ + w(0) [S14].
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